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Coaep>xaHue npeablayLUinx NeKLnii

@opmyna baiteca n dopmyna nosnHow BEPOSTHOCTH;

OnpegeneHne anpuopHbIx BeposiTHOCTER 1 selection bias;
(MHoXecTBeHHOE) TeCTUpPOBaHUE rMNOTe3

DKCMoHeHUMaibHOe cemeiicTBa. JocTaTouHble CTaTUCTUKN.

HaueHbii baitecoBckmnii knaccudpukatop. CBsA3b LeneBoi pyHKLUmn u
BEPOSITHOCTHON MOAENH.

Jlnneiinas perpeccus: cease MHK n wyr, perynsipusaumm n wyiap.
CBOIiCTBO CONPsiXKEHHOCTM anNpUOPHOrO pacnpeaeeHns npasgonogobuto.
MporHo3s A/ OQUHOYHOW MoAenu:

p(Ytest|Xtesta Xtrains Ytrain) = /p(Ytest|Wa Xtest)p(W|Xtraina Ytrain)dw-

CBsi3b anocTepuopHoOli BEPOSITHOCT MOZENN 1 0DOCHOBAHHOCTM
OBOCHOBAHHOCTL: NOHWMAHKE U CBA3b CO CTAaTUCTUYECKON 3HAYUMOCTLIO.
JNoructnyeckas perpeccus: npobnembl ML-oueHkn w u cBssb
anpuopHOro pacnpeaenieHnst ¢ oTbopoM NpU3HaKOBE.

EM-anroputm un otbop npusHakoB B HalieCOBCKOI NMHERHO perpeccuu.
Bapuauvonubii EM-anroputm. Cmecb Mogeneii nor. perpeccun.
layccoBcKMe Npouecchl. YHET 3BOMIOUNN MOLENER BO BPEMEHU.
MocTpoeHne agekBaTHLIX MYNLTUMOAENENA. 2/13



EM n BapuaynonHsiii EM-anropntm (BocnomuHaHme)

Mycte D = (X, y) — Habntogaembie nepemenHble, Z — CKpPbITble NEPEMEHHbIE.
p(D, Z|®) = p(D|Z, ©)p(Z|O©).

Bonpoc 1: Kak pewuts 3agaqy p(D|®) = /p(D, Z|®)dZ — mgx?
EM-anroputm

Beegem F(q, ®) = —/q(Z)logq(Z)dZ —i—/q(Z) logp(D, Z|®)dZ =

log p(D|®©) — Dict (4[p(ZID, ©)).

Npea 1: p(D|®) — MAX 3aMeHM Ha F(q, ©®) — max.
q7
Npesa 2: MNowaroso ontumunsupyem no ® u q, 10 ectb

E-war: ¢° = F(q, ®71) - max;
qeQ

M-war: ©° = F(¢*, ©®) — max. K
Bapunaumonnbiii EM-anroputm: @ = {q(Z) :q(Z) = H q(zk)}.
[MporHos: k=1
p(ylx. D. ©) = [ ply. Zlx, D, ©)iZ = [ plylx. 2)p(ZID. ©)dZ,
p(D. Z|©),

Bonpoc 2: Kak 6bime ¢ p(Z|D, ©) = ————
( | ) p(D|@) 3/13



HeobxoanmocTb camnampoBaHus

MycTb ecTb HekoTOpasi nepemerHasi Z ¢ pacnpegenevuem p(Z).
m Haiitn P(f(Z) > 0);
T
m P(w x> B), rie w — Beca Np13HaKkoB, X — NPU3HAaKOBOE ONUCaHWE, a
T

W X — OXKNAAeMbI goxoa,.
m
m Ef(Z /f (Z)dZ ~ > f(Z
1=1

p(y|X, A) = [ p(y|X, w)p(w|A)dw B nor. perpeccun;
m Eyz) logp(X, Z|®) Ha M ware EM-anroputma.

Bonpoc 1: Yro genats, ecnn p(Z) n3BeCTHO C TOYHOCTBIO A0 KOHCTAHTbI, TO
ectb p(Z) x p(Z)?
Bonpoc 2: Yto genatb ans pewennsi 3agaqn p(Z) — max, eciu p(Z)

N3BECTHO, HO 3ada4a MaAaKCUMN3aUUN aHAJINTUHECKN HE pel.uae'rCH?
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bazosble METOAblI CSMNJINPOBAHWNA

Metop obpatHoii pyHkuum (p(z) nssectHo, z € R)
& — HenpepbiBHasi CilyHaiiHas BenuyunHa, Torga n = Fe(§) ~ UJ0, 1].

[eHepupyem x1, ..

., T KaK T; = Ff_l(yi), rae y; ~ U[0, 1].

Bribopka c oTknoHeHmnem (rejection sampling)
3ameuanue: p(Z) x p(Z) n3BecTHO C TOYHOCTHIO AO KOHCTAHTbI.
Myctb q(Z) — HekoTopoe npeanoxHoe (proposal) pacnpeaenexne un

P(Z) <4(Z) = aq(Z).

0.0

A

m CreHepupyem BbIGOpPKY

— @)

H

) X1, ..., X, 13 q(Z);
m CreHepupyem
t1, -, tnNU[O, 1],
\\ m [TpuHnmaem Te Touku BbIBOPKY,
roe t; < pgng.

Bonpoc 1: ﬂpm Kakux ycnosusix rejection sampling adpdpektnsen?
Bonpoc 2: Kak camnanposaTe U3 MHOrOMEPHOrO HOPMaJsibHOMO

pacnpegenens N (p,

3l), ecnn ectb renepatop us N (0, 1)7
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Npes MCMC

MycTb MMeeTCs OfHOPOAHAs MApKOBCKas Lenb C dDyHKLUMER NAOTHOCTY
BEPOSITHOCTN nepexopa Mexay coctostHusmun q(Z;11|Z;).
m Bosbmem HekoTopoe po(Z) n creHepupyem Zg ~ po(Z);
m [enepupyem Z; 1 ~ q(Z;411Z;), i =0, 1, ..
m BoibpacbiBaem nepeble mg Habntogenuii (M npopexxuBaem, ecanm HyxxHa
HOP (i.i.d) Bbibopka).

Bonpoc: lNpu kaknx ycnoBusix Takasi cxeMa NpUBEAET K NOJYYEHNIO BbIGOPKN
n3 p(Z) ?

Ycnosue 1: p(Z) nHBapMaHTHO OTHOCUTENBHO LIENM, TO eCTb

p(Ziy1) = /p(Zi)q(Zi+1|Zi)dZi (cTaumoHapHoe pacnpegeneHue).
HAocratounoe yenosue: p(Ziy1)q(Zi|Ziy1) = p(Z;i)q(Zi+1|Z;).

Ycnosue 2: uenb 3proguMyHa, TO eCTb CTaLMOHAPHOE PacnpefesneHne He

33aBUCUT OT HavasbHbIX yenouit V po(Z) pi(Z;) — p(Z) npn i — oo.
HocTaTouHoe ycnosue: VsVt : p(t) # 0q(t|s) > 0.
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Cxema [nbbca (Gibbs)

P(Z) x B(Z), Z € R".
Cyunraem, 4To opHOMEpHbIe yCOBHbIE pacnpeaenenuns p(z;|Zy ;) nerko
HOPMUpPYEMBbI.

m Vlveem Z;, xotum nonyuntb Z;1;

m zi;_H Np(z;|z§, o z');
Zi41 ~p(z \Zz‘+1a 255 e 20
' 1 2 -1
21 ~ P21y 21y oo 241 )

VYnpa>kHeHue: [oKasaTb MHBAPUAHTHOCTb P(Z) OTHOCUTENBHO TaKoi
MapKOBCKOW Lienu.

Hint: gokasaTb no MHAYKUMW, Y4TO CIMMIMPOBAHME OFHONM KOMMOHEHTHI
coxpansiet p(Z).

7/13



Mogens M3nnra (Ising model)

MycTb B KaXAOW TO4Ke eCTb MarHMTHblﬁ MOMEHT I; €

p(x) = 7 exp(—E(x)/T), rae B(x

Peanm3au,|/|ﬂ MArHUTHbIX MOMEHTOB

HamarHnueHHoCTb: 1 =

roe N — 4ncno aToMOB B peLUeTKe.

Bonpoc 1: Kak oueHuts cpegHioro

HaMarHnyeHHocTb: E,p?

1
A
W

{1} n

Z TiTj — Zh T;.

(i, 5)€e
BapuaLmoHHoe I'IpI/I6J'II/I)KeHI/Ie

qu xz

log g;(x;) Eq\ logp( ) =
’Il“EQ\iE( )
gi(ri =1) =

7 (hi+y,, (i, j)ee Eqj mﬂ)) '
Bonpoc 2: Hackonbko xopouia
BapuaLMoHHas annpokcumaums?
Bonpoc 3: Kakyto anbtepHaTuey
MOXXHO MPeaNoXnTb?

p(x)

1+exp (—
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CpaBHeHve BapuaLMOHHOI annpokcuMauum u cxembl [ nbbca

HamarHunyeHHoCTb € TemnepaTypoii

0 —
L0 Variational
0.8 Gibbs
_ 06
S
0.2,
0.0,
1.0 0.5 0.0 0.5 1.0 1.5

log
HamarHnyeHHoCTb € TemnepaTypoii
(npobnema)

LOf 1 —

Variational
Gibbs

—-1.0 —0.5 0.0 0.5 1.0 15
log T

CpepHsis aHeprusa ¢ TemnepaTypoii

0
Variational
Gibbs
~10

)
B -2
&

=30

~40] —F
—1.0 —0.5 0.0 0.5 1.0 15
log T

CraHpapTHast owmnbKa sHeprum ¢
TemnepaTypon

Variational
Gibbs

1.0 0.5 0.0 0.5 1.0 1.5
log

Bonpoc: Y7o BbisbiBaeT nposan rpaduka marHetTusauumn?
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[Mpobnembl 1 npenmMylecTBa cxembl [ nbbca

CeoiicTBa: Peannsaums MarHWTHbIX MOMEHTOB

m (+) Mogxogut n gns
AVCKPETHBIX, 1 A5 HEMPEPbIBHBIX
pacnpeaeneHui;

m (+) Her HacTpamBaembix
napameTpoE;

m (-) HeadpcbekTnera B
NPOCTPaHCTBax BONbLLION
pa3MepHOCTH;

m (-) BoamoxHa oueHb gonras
CXOAMMOCTb Lenu K

Bonpoc: YTo npousoiiget, ecnn
CTaLMOHAPHOMY pacnpeaeneHunto.

HavanbHbIn anemeHT MCMC Takoli n
T 17
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Cxema MeTtpononuca-Xactutrca (Metropolis-Hastings)

p(Z) x p(Z), r(Z|Z;) — npepnoxHoe pacnpegeneHue.
m Nimeem Z;, comnnupyem Z* ~ r(Z|Z;);

m Buiuncnsiem P(Z*, Z;) = min (17 %)

m Z; 1 = Z" c BepositHocTbto P(Z*, Z;),
Z;11 = Z; c BeposiTHocTbto 1 — P(Z*, Z;).
7(Zpt1|2n) P(Zns1, Zn), Zintr # Zn,

Otcropa q(Zny1|Zy) =
Tciopa q(Zn+11Zy) 1 /r(Z*|Zn)P(Z*> Z,)dZ", L1 = Zn.

HocTaTouHoe ycnosue aproguyHoctu: VsVt : p(t) > 0, ¢(t|s) >0
3ameuatue 1: gns BoinonHeHWs 3Toro TpeboBaHUs JOCTaTOYHO

r(t|s) > 0VsVt.

JocTaTtouHoe ycnosue nuBapuanTHocTu: VsVt p(s)q(t|s) = p(t)q(st).
3ameuanue 2: V6exxaaemcst B BbINMOJHEHUN YCIOBUS MOACTAHOBKON.

Ons s = t ouesngHo. Mycts s # t, Toraa p(s)q(tls) =

Bs)r(tls) min (1, BHTED) = min(a(s)r(tls), 5(6)r(s|t)) = B(t)a(slt).
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Cxema MeTtpononuca-Xactuvrca (npogoskeHne)

m Vimeem Z;, camnnupyem
2° ~ r(2)2,),
m Buuncnsiem P(Z%, Z;) =

. B2 )r(Z:]2)
min (1’ ﬁ(Zi)r(Z*\Zi))

] Zi—i—l = Z*, P(Z*, Zl),
Zi=12;,1-P(Z", 1)
Ecan r(Z¥|Z) = r(Z|Z7), 7o

P(Z*, Z;) = min (1, ’;(é)))

[Mpumep

p(x) =N <0’ o’ <0.§5 O'i%))’

oc=2,
r(Z*|Z) = N(Z*|Z, o°1).
Pe3yanaT coOMnAnpoBaHMA
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